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Conclusion
• A controller for motorcycle T.C.S. is presented. The method is based on
the use of Spiking Neural Networks and is optimized to road variations.
• Simulations with BikeSim© confirm the performance of the proposed
T.C.S in constant and variable roads
• The proposed controller has the best overall performance not only in
constant adherence conditions but also when adherence changes
during the test.
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Conclusion
In future works, tests will be
carried out on real roads with
an electric bike.
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